
How a technical
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AI pathway
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CASE STUDY

Core
Challenge

Client
Profile

AI could describe the organization correctly at a
broad level, but it was less reliable at guiding users
to the right destination for specific tasks. The
organization did not have an awareness problem.
It had a pathway clarity problem.

An established professional association with
technical standards, publications, education,
events, membership benefits, and specialized
member tools spread across the site.

AI Search Visibility Audit for a mission-driven technical association

Audit
focus

An AI Search Visibility Audit to test how AI
describes, recommends, and sources the
organization, then assess whether the website
clearly supports those answers through stronger
source-of-truth pages, trust signals, and
machine-readable structure.

Primary
Finding

The organization had real authority and strong
credibility. The problem was that AI often had to
reconstruct the path. When several pages looked
plausible, AI could recommend a less useful page,
summarize a listing instead of a program, or miss
the clearest next step.



Before the audit, the question sounded simple: 
Are we showing up in AI-generated answers?

The more important question was harder: 
When we do show up, can AI actually guide
people to the right next step?

That distinction mattered. Across AI systems, the organization was
recognized as legitimate, established, and technically credible. But
users were not only asking broad identity questions. They were
asking action questions.

Where do I access the key standards?
Where do I register for events?
Where do I find continuing education?
Where do members log in, download resources, or access tools?

The risk was not invisibility. 
The risk was unclear routing.The

Challenge



What we
Tested

02

01

03 Machine readability review: Assessment of whether
machines could accurately classify and trust priority pages
through signals like metadata, headings, schema,
accessibility structure, and source-of-truth hierarchy.

Content clarity and trust review: Analysis of the pages
most likely to shape AI understanding and human action,
especially organization-defining pages, standards or
publications pages, education pages, event pages,
membership pages, and proof-bearing pages.

AI representation testing: Standardized prompts across
ChatGPT, Perplexity, and Google AI Overviews to see how
each system described the organization, its authority, its
offerings, and its value.

THE AUDIT
COMBINED THREE
LAYERS OF REVIEW:



AI understood the organization at the
broad identity level. It recognized a
technically focused professional society
with real authority, specialized resources,
continuing education, and a professional
audience.

What the 
audit found

The Results

1. AI recognition was strong

The organization was credible, but that
credibility was unevenly distributed. General
pages carried stronger trust signals than the
action pages where users had to decide
what to do next. As a result, AI could
recognize the organization as authoritative
overall but still miss that authority when
recommending standards, publications,
events, or education.

2. The main problem was
not identity. It was routing.

For several high-value tasks, the site
presented multiple official pages that looked
plausible but did not clearly explain how
they differed or which one was primary.
That meant AI could see the assets, but not
always the decision tree behind them.

3. Major journeys had too
many plausible entry points

AI understood what the organization was. 
It was less clear on where users should go
next. Ambiguity appeared around:

standards and publications access
education versus events
continuing education pathways
member tools & account-related tasks
scholarships, awards, donations, and
student pathways

4. Authority did not always
travel with the journey

Several important pages functioned as
listings, calendars, catalogs, or platform
interfaces. They were useful, but not always
explanatory.

That created an AI risk: a model could
summarize what appeared on the page
without understanding the broader offering,
the audience fit, or the best next step.

5. Some pages behaved more
like tools than hubs



This mattered because users do not search only for an organization’s
name once they already know it exists. They ask AI practical questions
about standards, education, events, and professional resources.
If the answer surfaces the wrong page, the user loses momentum.

If the site makes AI infer too much, the organization loses control of
how those pathways are described.

That affects more than discoverability. It affects membership growth,
training participation, standards adoption, user confidence, and the
organization’s ability to turn authority into action.

Why it
Mattered



Actions
Recommended

Build a canonical decision hub for the most
complex journey.
Turn Events into an explanatory hub, not just a
calendar.
Move the Education explanation above
platform mechanics.
Create one clear Member Tools page.
Add proof blocks to action pages.
Standardize naming across major journeys.

The organization needed fewer competing pathways,
clearer source-of-truth pages, and stronger action-page
explanations. 

Its highest-value pages had to do three jobs more clearly:
explain what the page was for, show how it connected to
related offerings, and carry enough visible proof to be
trusted on their own.

 Just as important, the site needed to reduce interpretation
friction by cleaning up inconsistent naming, older
templates, and weak machine-readable signals.



Key
Takeaways

The organization did not have an authority problem.

It had a pathway clarity problem.

AI could see that the organization was credible. The problem was that AI
could not always tell users where to go next with confidence.

That distinction mattered because it meant the solution was not a full
rebuild or endless new content. It was clearer source-of-truth
architecture, stronger journey pages, and better transfer of trust from
identity pages into action pages.
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